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 The purpose of this document is to describe the methods used to (a) administer the Wellbeing 

Assessment, (b) condition the data, and (c) evaluate quantitative validity and scoring procedures for the 

latent factor structures within the Wellbeing Assessment.  

 The scoring details provided in this report are for scores calculated subsequent to the score 

version released to participating schools immediately after the 2019 administration. This document does 

not provide accurate code or item-factor loadings for data provided to participating schools. As we also 

explain in the codebook, in the process of scoring the 2020 data, we made some edits to the 2019 scores 

so that they would be comparable to the 2020 scores. The original version of the 2019 scores is not 

comparable to the spring 2020 scores because the 2019 version of the scores included the item 

HAPPY_4, which is not in the 2020 survey. We also made some adjustments to weighting and factor 

scaling procedures. For schools that participated in subsequent versions of the Assessment, we provided 

recalibrated 2019 scores. 

����<
��

 The Wellbeing Assessment was developed using four rounds of cognitive interviews (Fall 2015 – 

Spring 2018) and five pilot administrations (two local administrations in Fall 2015 and Spring 2016, and 



WBA Spring 2019 Technical Report   



WBA Spring 2019 Technical Report   

07/24/20 

5 

 

�<
=���
������>�����8	To reduce missingness from attrition (i.e., participants not finishing the 

survey), we randomized many of the substantive sections of the survey. The mood items (happiness, 

loneliness, anxiety, depression, social anxiety) and some of the demographic items were presented at 

the start of the survey without randomization. The rest of the item sets used in the factor scoring were 

presented randomly. The items within the sets were always presented in the same order. 

��
����������

Between the months of February and May 2019, approximately1 94,819 students were invited 

to participate; 13,287 (14.01%) consented. After removing entirely blank cases and graduate students, 

the final sample is 11,921. Because of unplanned missing data due to attrition, the usable cases in any 

particular analysis may be lower than this number. Sample descriptives are included with the survey 

weights in Table 1. 

�����	� ��
����
�������

 Of the 28 participating schools: 

● Public/private: 15 were private, 13 were public 

● Size: 8 schools had undergraduate FTE enrollments of >10,000; 4 had enrollments of >5,000 & 

<10,000, and 16 had enrollments <5,000 

● Region:   

o Northeast: 7 schools 

o Southeast: 11 schools 

o Midwest: 7 schools 

o West: 3 schools 

 �

 
1 We say “approximately” because some schools administered the survey themselves, and we are reliant on their 

information about the number of students who received invitations. 
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data. The raking procedure provides calibration weights that reduce bias associated with 

under/oversampling demographic groups in the population, thereby improving generalizability to the 

general population. This procedure does not correct for all possible sources of survey error. Weights 

were used in the CFA modeling that provides the dimension factor scores.  

The raw weights for the data range from .521 to 5.97. The upper range of the weights is 

somewhat extreme, and so we trimmed the upper weights to 3. The literature does not provide clear 
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We also modeled an experimental subjective wellbeing factor score (SWB_FS) using a bifactor 

model. More information about this score is provided in the codebook. The score was extracted using 

the regression method. This variable makes a number of assumptions about the nature of subjective 

wellbeing and modeling latent factors composed of multiple dimensions. You are welcome to use this 

score for your own internal, informal analyses, but we ask that you do not use this score for 

generalizable research until we have submitted it to peer review. 

Although factor score extraction theoretically results in factor scores that are normally 

distributed on a latent trait continuum ranging from -3 to +3 with a mean of 0 and standard deviation of 

1, in practice those scores are on slightly different scales: the means, standard deviations, and scale 

continuum ranges may be slightly different from the values listed above, and those differences may be 

likely to vary across the scales (DiStefano, Zhu, & Mîndrilã, 2009). We scaled the scores (to mean = 0, sd 

= 1) to correct for those slight variations in scale. To set them in a more usable metric, we then 

multiplied the scores by 10 and added 50 to give them a mean of 50 and standard deviation of 10. 

�<�������=��'�	������2������?4����+5��

In the original sample of 11,921 respondents (11,915 usable for this model), the 18-dimension 
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Specifically, when the change of CFA and RMSEA is less than 0.01 and the change of SRMR is less than 

0.025, we determine the measurement invariance is established (Chen, Curran, Bollen, Kirby, & Paxton, 

2008; Cheung & Rensvold, 2002).   

 ��=�
�����'�	������

According to Fornell and Larcker (1981), we calculated average variance extracted (AVE). We 

calculated AVE with the ��

����� (Rönkkö, 2020) package in R using a formula variation appropriate for 

latent factor variances of 1. Values of .5 or greater are considered acceptable; values of .7 or higher are 

considered very good. The AVEs for the 18 dimensions ranged from 0.63 (civic engagement) to 0.95 

(activity engagement). The AVE of .63 is slightly low but still considered as acceptable; it is also the only 

value below .7. The average AVE was .81. Thus, the model could be considered to achieve good 

convergent validity overall. 

!���
��������'�	������

We calculated discriminant validity in two ways. First, we evaluated average variance extracted 

(AVE;  as in convergent validity procedures) for each dimension to ensure that it was larger than the 

correlations between the constructs (Campbell & Fiske, 1959). Second, we evaluated heterotrait-

monotrait (HTMT) correlation ratios to ensure that they were lower than .9 (Teo et al., 2008); analyses 

were conducted using the �������� (Jorgensen et al., 2019) and ��

�����	packages (Rönkkö, 2020) in 

RStudio.  

The AVEs for all dimensions were larger than the shared variance with other constructs 

(calculated as the largest squared correlation). The differences between AVE and the largest squared 

correlation were between 0.78 and 0.29. For HTMT indices, results from both the ��

����� and 

��������	packages yielded HTMT indices lower than 0.9, and results from two packages correlated 

around 0.99. Thus, the 18-dimension model achieved good discriminant validity.  
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o Amind = American Indian or Alaska Native, not Hispanic�

o Asian = Asian, not Hispanic�

o Black = African American or Black, not Hispanic�

o Hisp = Hispanic/Latino/a of any race�

o NA = not answered (missing)�

o Pacific = Native Hawaiian or other Pacific Islander, not Hispanic�

o White = White, not Hispanic�

o Two = Two or more races, not Hispanic�

Asking about race and ethnicity using this structure is somewhat controversial. We use this method 

because it is the closest match to the NCES data, which are the best available data on undergraduate 

student enrollment. 

 

The RAW_WT_Value column includes the untrimmed weights. 

The TRIM_WT_Value column includes the trimmed weights. We used these weights in all our modeling. 
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 alpha omega 

HAPPY_FS 0.94730775 0.94796262 

ANX_FS 0.82349969 0.82971652 

DEP_FS 0.79867828 0.80767438 

LONELY_FS 0.90960482 0.91592437 

SOCANX_FS 0.88257356 0.88782167 

LIFESAT_FS 0.86118503 0.86629709 

SELFEST_FS 0.90441778 0.91405356 

OPTIM_FS 0.8459906 0.82385052 

PERSEV_FS 0.88508126 0.88307818 

COPING_FS 0.89257276 0.89407869 

ACTENG_FS 0.97180666 0.97199502 

ACAENG_FS 0.88162358 0.88175888 

BELONG_FS 0.92593679 0.92683382 

FRIENDS_FS 0.95914436 0.95999439 

MEANING_FS 0.8971155 0.90231461 

PURPOSE_FS 0.92978146 0.92990194 

CIVICMORAL_FS 0.80102887 0.80886866 

CIVICPOL_FS 0.85613305 0.85769566 

 

  



WBA Spring 2019 Technical Report   

07/24/20 

17 

 

�������B������� /��;����
���������������
�����
�����������

First, the code 

# 18-dimension model ---------------------------------------------- 

cfa_allfactors <- ' 

#Set measurement model, first loading free. 

HAPPY_FS =~ HAPPY_1 + HAPPY_2 +  

            HAPPY_3 + HAPPY_5 

 

ANX_FS =~ ANX_1 + ANX_2 + ANX_5 

 

DEP_FS =~ DEP_1 + DEP_6 + DEP_7 

 

LONELY_FS =~ LONE_2 + LONE_3 

          LONE_4 + LONE_5 

 

SOCANX_FS =~ SOCANX_1 + SOCANX_2 + SOCANX_3 

 

LIFESAT_FS =~ LIFESAT_1 + LIFESAT_2 +  

              LIFESAT_4 

 

SELFEST_FS =~ SELFEST_1 +   

              SELFEST_3 + SELFEST_4 

 

OPTIM_FS =~ OPT_2 + OPT_3 + OPT_5 

 

PERSEV_FS =~ PERS_1 + PERS_2 + PERS_3 

 

COPING_FS =~ coping_n1 + coping_n2 + coping_n3 

# COPING_FS =~ COPING_1 + COPING_2 + COPING_3 

 

ACTENG_FS =~ ACT2_1 + ACT2_2 + ACT2_3 

 

ACAENG_FS =~ ACAENG_1 + ACAENG_2 + ACAENG_3 

 

BELONG_FS =~ BELONG_1 + BELONG_2 + BELONG_3 

 

FRIENDS_FS =~ FRIENDS_1 + FRIENDS_2 + FRIENDS_3 

 

MEANING_FS =~ MEANING_1 + MEANING_2 + MEANING_3 

 

PURPOSE_FS =~ PURP_1 + PURP_2 + PURP_3 

 

CIVICMORAL_FS =~ CIVIC_1 + CIVIC_2 + CIVIC_3 + CIVIC_4 
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CIVICPOL_FS =~ CIVIC_5 + CIVIC_6 + CIVIC_7' 

 

# Run the model. 

cfa_allfactors_fit <- cfa(cfa_allfactors,  

                          data = rawdata, 

                          estimator = "MLR", 

                          missing = "fiml", 

                          sampling.weights = "TRIM_WTS", 

                          std.lv = TRUE) # Sets factor variances to 1 

 

summary(cfa_allfactors_fit,  

        fit.measures = TRUE, 

        standardized = TRUE) 

 

### Attach the factor scores to the data set.  

# https://www.rdocumentation.org/packages/lavaan/versions/0.6-5/topics/lavPredict 

# Make a vector of id values. 

idx <- lavInspect(cfa_allfactors_fit, "case.idx") 

# Put the factor scores in a vector. 

fscores <- lavPredict(cfa_allfactors_fit, type = "lv", 

                      method = "Bartlett", se = "none",  

                      label = TRUE) 

head(fscores) 

 

# Attach scaled factor scores to the data set. 

# We're rescaling because factor scores are usually not quite  

# perfectly standardized. 

for (fs in colnames(fscores)) { 

  rawdata[idx, fs] <- scale(fscores[, fs], scale = TRUE) 

} 

 

names(rawdata) 

 

# Rescale the factor scores to mean of 50 and SD of 10.. 

# We decided on this method because 0-100 methods resulted in 

# negative scores, and methods based on the current sample's 

# factor scores might not work in future years. 

# Write a function, apply the function to the factor scores. 

rescale <- function(x) { 

  (x*10)+50 

} 

 

rawdata <- rawdata %>% 

  mutate_at(vars(contains("_FS")), ~rescale(.))
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The unstandardized parameter estimates, which can be used to score new data 

 lhs op rhs est se z pvalue ci.lower ci.upper 

1 HAPPY_FS =~ HAPPY_1 1.11244122 0.0081311 136.813169 0 1.09650457 1.12837788 

2 HAPPY_FS =~ HAPPY_2 1.09606462 0.00697766 157.081884 0 1.08238865 1.10974059 

3 HAPPY_FS =~ HAPPY_3 1.10048919 0.00805723 136.583985 0 1.0846973 1.11628108 

4 HAPPY_FS =~ HAPPY_5 1.08282444 0.00986215 109.796019 0 1.06349499 1.10215389 

5 ANX_FS =~ ANX_1 0.97778711 0.00976564 100.125227 0 0.95864681 0.99692742 

6 ANX_FS =~ ANX_2 1.18390869 0.01031548 114.770098 0 1.16369072 1.20412666 

7 ANX_FS =~ ANX_5 1.00628576 0.01144627 87.9138216 0 0.98385147 1.02872005 

8 DEP_FS =~ DEP_1 1.05151083 0.01130871 92.9823538 0 1.02934616 1.07367551 

9 DEP_FS =~ DEP_6 0.73520371 0.01421222 51.7304 0 0.70734827 0.76305914 

10 DEP_FS =~ DEP_7 0.98855505 0.01245699 79.3574447 0 0.9641398 1.01297031 

11 LONELY_FS =~ LONE_2 1.15693452 0.0129531 89.3171667 0 1.1315469 1.18232213 

12 LONELY_FS =~ LONE_3 1.12576479 0.01264167 89.0519052 0 1.10098758 1.15054201 

13 LONELY_FS =~ LONE_4 0.99194051 0.01540227 64.4022377 0 0.96175262 1.0221284 

14 LONELY_FS =~ LONE_5 1.09103183 0.01391476 78.4082456 0 1.06375941 1.11830426 

15 SOCANX_FS =~ SOCANX_1 1.24677934 0.01331266 93.6536796 0 1.22068701 1.27287167 

16 SOCANX_FS =~ SOCANX_2 1.17149007 0.0143996 81.3557349 0 1.14326737 1.19971276 

17 SOCANX_FS =~ SOCANX_3 1.00283942 0.01679207 59.7209963 0 0.96992756 1.03575128 

18 LIFESAT_FS =~ LIFESAT_1 1.01307995 0.01340414 75.5796263 0 0.98680832 1.03935159 

19 LIFESAT_FS =~ LIFESAT_2 1.26203501 0.0111873 112.809586 0 1.2401083 1.28396173 

20 LIFESAT_FS =~ LIFESAT_4 0.98936331 0.01314119 75
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73 SOCANX_2 ~~ SOCANX_2 0.44108992 0.02353974 18.7380996 0 0.39495289 0.48722696 

74 SOCANX_3 ~~ SOCANX_3 0.67414063 0.02494119 27.0292035 0 0.62525679 0.72302448 

75 LIFESAT_1 ~~ LIFESAT_1 0.82135234 0.01972357 41.6431951 0 0.78269486 0.86000982 

76 LIFESAT_2 ~~ LIFESAT_2 0.29548557 0.01368795 21.5872774 0 0.26865769 0.32231346 

77 LIFESAT_4 ~~ LIFESAT_4 0.52791841 0.01407503 37.5074404 0 0.50033185 0.55550496 

78 SELFEST_1 ~~ SELFEST_1 0.36856079 0.01219625 30.219194 0 0.34465658 0.392465 
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111 CIVIC_4 ~~ CIVIC_4 0.38548336 0.01879474 20.5101703 0 0.34864634 0.42232038 

112 CIVIC_5 ~~ CIVIC_5 0.56858908 0.03595085 15.8157348 0 0.49812671 0.63905145 

113 CIVIC_6 ~~ CIVIC_6 0.5409014 0.03308881 16.3469588 0 0.47604853 0.60575428 

114 CIVIC_7 ~~ CIVIC_7 0.53533234 0.03112977 17.1967961 0 0.47431911 0.59634557 

115 HAPPY_FS ~~ HAPPY_FS 1 0 NA NA 1 1 

116 ANX_FS ~~ ANX_FS 1 0 NA NA 1 1 

117 DEP_FS ~~ DEP_FS 1 0 NA NA 1 1 

118 LONELY_FS ~~ LONELY_FS 1 0 NA NA 1 1 

119 SOCANX_FS ~~ SOCANX_FS 1 0 NA NA 1 1 

120 LIFESAT_FS ~~ LIFESAT_FS 1 0 NA NA 1 1 

121 SELFEST_FS ~~ SELFEST_FS 1 0 NA NA 1 1 

122 OPTIM_FS ~~ OPTIM_FS 1 0 NA NA 1 1 

123 PERSEV_FS ~~ PERSEV_FS 1 0 NA NA 1 1 

124 COPING_FS ~~ COPING_FS 1 0 NA NA 1 1 

125 ACTENG_FS ~~ ACTENG_FS 1 0 NA NA 1 1 

126 ACAENG_FS ~~ ACAENG_FS 1 0 NA NA 1 1 

127 BELONG_FS ~~ BELONG_FS 1 0 NA NA 1 1 
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149 HAPPY_FS ~~ CIVICPOL_FS 0.04133911 0.01284552 3.21817358 

0.0012

901 0.01616236 0.06651587 

150 ANX_FS ~~ DEP_FS 0.75207749 0.00863053 87.1415265 0 0.73516196 0.76899301 

151 ANX_FS ~~ LONELY_FS 0.55211012 0.00982035 56.2210255 0 0.53286259 0.57135766 

152 ANX_FS ~~ SOCANX_FS 0.63565283 0.00975959 65.131111 0 0.61652439 0.65478127 

153 ANX_FS ~~ LIFESAT_FS -0.5098391 0.01039201 -49.060682 0 -0.530207 -0.4894711 

154 ANX_FS ~~ SELFEST_FS -0.5576593 0.00986883 -56.507119 0 -0.5770019 -0.5383168 

155 ANX_FS ~~ OPTIM_FS -0.5474865 0.01183316 -46.26713 0 -0.5706791 -0.5242939 

156 ANX_FS ~~ PERSEV_FS -0.2811004 0.01241449 -22.642928 0 -0.3054323 -0.2567684 

157 ANX_FS ~~ COPING_FS -0.5746444 0.00948665 -60.574009 0 -0.5932379 -0.5560509 

158 ANX_FS ~~ ACTENG_FS -0.1692734 0.01198052 -14.129062 0 -0.1927548 -0.1457921 

159 ANX_FS ~~ ACAENG_FS -0.2351057 0.01272181 -18.480519 0 -0.2600399 -0.2101714 

160 ANX_FS ~~ BELONG_FS -0.3730527 0.01122867 -33.223236 0 -0.3950605 -0.3510449 

161 ANX_FS ~~ FRIENDS_FS -0.22516 0.0120195 -18.732893 0 -0.2487177 -0.2016022 

162 ANX_FS ~~ MEANING_FS -0.471254 0.01088127 -43.308742 0 -0.4925809 -0.4499272 

163 ANX_FS ~~ PURPOSE_FS -0.195136 0.01253714 -15.564626 0 -0.2197083 -0.1705636 

164 ANX_FS ~~ CIVICMORAL_FS 0.06562434 0.01386591 4.73278158 

2.21E-

06 0.03844765 0.09280104 

165 ANX_FS ~~ CIVICPOL_FS 0.05376416 0.01337727 4.01906871 

5.84E-

05 0.0275452 0.07998313 

166 DEP_FS ~~ LONELY_FS 0.76007854 0.00877216 86.6466595 0 0.74288542 0.77727167 

167 DEP_FS ~~ SOCANX_FS 0.71825443 0.0096159 74.6944521 0 0.69940761 0.73710125 

168 DEP_FS ~~ LIFESAT_FS -0.6917114 0.00926293 -74.675229 0 -0.7098664 -0.6735564 

169 DEP_FS ~~ SELFEST_FS -0.7566495 0.00780463 -96.948863 0 -0.7719463 -0.7413528 

170 DEP_FS ~~ OPTIM_FS -0.6671148 0.01082167 -61.646212 0 -0.6883249 -0.6459047 

171 DEP_FS ~~ PERSEV_FS -0.406052 0.012914 -31.442778 0 -0.431363 -0.380741 

172 DEP_FS ~~ COPING_FS -0.5176072 0.01034065 -50.055587 0 -0.5378745 -0.4973399 

173 DEP_FS ~~ ACTENG_FS -0.1921107 0.01217847 -15.774618 0 -0.21598 -0.1682413 

174 DEP_FS ~~ ACAENG_FS -0.289488 0.01342294 -21.566655 0 -0.3157965 -0.2631795 

175 DEP_FS ~~ BELONG_FS -0.4769633 0.01148296 -41.536605 0 -0.4994695 -0.4544571 

176 DEP_FS ~~ FRIENDS_FS -0.3134663 0.01298927 -24.132701 0 -0.3389248 -0.2880078 

177 DEP_FS ~~ MEANING_FS -0.6640517 0.00955102 -69.526791 0 -0.6827714 -0.6453321 

178 DEP_FS ~~ PURPOSE_FS -0.3295181 0.01323114 -24.904732 0 -0.3554506 -0.3035855 

179 DEP_FS ~~ CIVICMORAL_FS 0.00495763 0.01472578 0.33666371 

0.7363

7042 -0.0239044 0.03381962 

180 DEP_FS ~~ CIVICPOL_FS 0.02821962 0.01360031 2.07492535 

0.0379

9345 0.00156351 0.05487574 

181 LONELY_FS ~~ SOCANX_FS 0.70261307 0.0092713 75.7836377 0 0.68444165 0.72078449 

182 LONELY_FS ~~ LIFESAT_FS -0.5220721 0.01074578 -48.583929 0 -0.5431334 -0.5010107 

183 LONELY_FS ~~ SELFEST_FS -0.5622595 0.01008129 -55.772588 0 -0.5820185 -0.5425006 

184 LONELY_FS ~~ OPTIM_FS -0.4744528 0.01246537 -38.061676 0 -0.4988844 -0.4500211 

185 LONELY_FS ~~ PERSEV_FS -0.266998 0.01304731 -20.463835 0 -0.2925703 -0.2414258 
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260 ACTENG_FS ~~ FRIENDS_FS 0.40921075 0.01016907 40.2407403 0 0.38927975 0.42914175 

261 ACTENG_FS ~~ MEANING_FS 0.26799578 0.01159206 23.1189089 0 0.24527576 0.2907158 

262 ACTENG_FS ~~ PURPOSE_FS 0.17090862 0.01182697 14.4507495 0 0.14772818 0.19408906 

263 ACTENG_FS ~~ CIVICMORAL_FS 0.0924056 0.01330289 6.94627811 

3.75E-

12 0.0663324 0.11847879 

264 ACTENG_FS ~~ CIVICPOL_FS 0.0763312 0.01273424 5.99417056 

2.05E-

09 0.05137255 0.10128985 
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297 LONE_3 ~1  2.14859219 0.01467727 146.389094 0 2.11982527 2.17735911 

298 LONE_4 ~1  1.99881218 0.01506233 132.702719 0 1.96929056 2.02833381 

299 LONE_5 ~1  1.9262235 0.01349222 142.765548 0 1.89977925 1.95266776 

300 SOCANX_1 ~1  2.13751593 0.01533875 139.353967 0 2.10745252 2.16757933 

301 SOCANX_2 ~1  2.14976416 0.01491167 144.166573 0 2.12053783 2.1789905 

302 SOCANX_3 ~1  1.95274726 0.01463329 133.445504 0 1.92406653 1.98142799 

303 LIFESAT_1 ~1  4.08306955 0.01452699 281.067756 0 4.05459716 4.11154193 

304 LIFESAT_2 ~1  4.178006 0.01448466 288.443466 0 4.14961658 4.20639541 

305 LIFESAT_4 ~1  4.44045753 0.01304101 340.499529 0 4.41489762 4.46601744 

306 SELFEST_1 ~1  4.20069088 0.01504191 279.265744 0 4.17120928 4.23017249 

307 SELFEST_3 ~1  4.14129586 0.01510289 274.205572 0 4.11169474 4.17089697 

308 SELFEST_4 ~1  4.74869762 0.01216788 390.264841 0 4.724849 4.77254623 

309 OPT_2 ~1  3.55674109 0.01747106 203.57896 0 3.52249843 3.59098375 

310 OPT_3 ~1  4.09100607 0.0170705 239.653552 0 4.0575485 4.12446363 

311 OPT_5 ~1  4.33450618 0.01547591 280.080918 0 4.30417396 4.3648384 

312 PERS_1 ~1  4.37977776 0.01469538 298.037689 0 4.35097534 4.40858018 

313 PERS_2 ~1  4.63175028 0.01343509 344.750293 0 4.605418 4.65808257 

314 PERS_3 ~1  4.51211656 0.01380688 326.80203 0 4.48505557 4.53917755 

315 coping_n1 ~1  2.19989792 0.0160646 136.940695 0 2.16841187 2.23138396 

316 coping_n2 ~1  2.47361254 0.01579517 156.605644 0 2.44265458 2.5045705 

317 coping_n3 ~1  2.60171629 0.015615 166.616436 0 2.57111144 2.63232113 

318 ACT2_1 ~1  4.08530657 0.02071183 197.245092 0 4.04471214 4.12590101 

319 ACT2_2 ~1  3.9103764 0.02043647 191.343003 0 3.87032165 3.95043115 

320 ACT2_3 ~1  4.05188756 0.02063197 196.388795 0 4.01144964 4.09232547 

321 ACAENG_1 ~1  4.55425512 0.01279113 356.04779 0 4.52918496 4.57932528 

322 ACAENG_2 ~1  4.68137649 0.01260881 371.27812 0 4.65666367 4.70608931 

323 ACAENG_3 ~1  4.11428707 0.01457513 282.281364 0 4.08572034 4.14285379 

324 BELONG_1 ~1  4.13781946 0.01549738 267.001311 0 4.10744516 4.16819375 

325 BELONG_2 ~1  4.50201794 0.01360362 330.942574 0 4.47535533 4.52868056 

326 BELONG_3 ~1  4.27059718 0.0143145 298.340624 0 4.24254127 4.29865308 

327 FRIENDS_1 ~1  5.00172782 0.01318548 379.336004 0 4.97588475 5.02757089 

328 FRIENDS_2 ~1  4.94130203 0.01365245 361.935072 0 4.91454371 4.96806035 

329 FRIENDS_3 ~1  4.83291869 0.01417234 341.010565 0 4.8051414 4.86069597 

330 MEANING_1 ~1  4.63370833 0.01403231 330.21703 0 4.6062055 4.66121116 

331 MEANING_2 ~1  3.98466057 0.01524206 261.425353 0 3.95478668 4.01453446 

332 MEANING_3 ~1  4.29234396 0.01381191 310.771126 0 4.26527311 4.31941482 

333 PURP_1 ~1  5.02222292 0.0121821 412.262325 0 4.99834643 5.0460994 

334 PURP_2 ~1  4.92889848 0.01249041 394.614745 0 4.90441774 4.95337923 




